We examine the effect of remittances on the legitimacy of democracy in Africa, testing whether remittance recipients are less likely to support democracy than are non-recipients. We hypothesise that the effect of remittances on support for democracy varies across groups of individuals sharing similar but unobserved background characteristics. Using the Afrobarometer surveys, we try to find out whether the respondents fall into different hidden clusters in such a way that the effect of remittances on the degree of support for democracy depends on the cluster. Our results support that remittances may be a curse for the degree of endorsement and support for democracy depending on the cluster of individuals that we consider. The analysis of the probability of being in the remittance curse cluster indicates that the perception of national priorities plays an important role. Indeed, people who attest that freedom and rights are the main national priorities have a lower probability of belonging to the remittances curse cluster than individuals who choose national priorities that are oriented towards the economic conditions of their country.
Introduction
Remittance inflows have been rapidly increasing in many developing countries, including in Sub-Saharan Africa, and influential studies have been carried out to shed light on the effects of these inflows on economic and social outcomes such as inequality and poverty alleviation (Adams and Page (2005) , Acosta et al. (2008) ), education (Edwards and Ureta (2003) ), and growth (Catrinescu et al. (2009) ), among others. Recent work has attempted to go beyond the effects of remittances on development, and has tried to figure out the effects of these flows on institutional dimensions, such as corruption (Abdih et al. (2012) ), government effectiveness and the rule of law (Berdiev et al. (2013) ), and protest (Acevedo (2013) ). In a similar spirit, another strand of the literature has also looked at the institutional effect of remittances at a more disaggregated level, the community and individual level, and the results have shown that remittance recipients may have different behaviors and preferences in politics than their counterparts. This particularly includes investigations in Latin America and specifically in Mexico that have looked at how remittances influence the political participation and involvement of those left behind (Goodman and Hiskey (2008) , Germano (2013) ). 1 Surprisingly, Sub-Saharan Africa has received a considerable amount of remittances, yet little is known about their attitudinal and behavioral consequences for the politics in this region (Dionne et al. (2014) ), while studies of the effect of such flows on the legitimacy of democracy are quite nonexistent. This paper will bring remittances into this part of the literature, and look at the effect of remittances on the degree of support for democracy on the part of the individuals left behind at home in this region. It tries to find out whether the respondents fall into different hidden clusters in such a way that the effect of remittances on the degree of support for democracy depends on the cluster. It also looks at to what extent individuals' perceptions of the main national priorities may explain the link between remittances and support for democracy.
Good institutions, such as democracy has been posited as a universal value (Sen (1999) ), and then associated with many desirable features, including development (Persson and Tabellini (2006) ) and social welfare (Siegle et al. (2004) ). The question of how to promote democracy has gained considerable attention and has been continually addressed in the context of less advanced nations such as those in Sub-Saharan Africa. Political scholars have argued that the legitimacy of institutions, or the degree to which institutions are valued for themselves, and considered right and proper (Lipset (1963) ), is important for the sustainability and the effectiveness of institutions. Hence, it has been asserted that the degree to which people support democracy in a country is a pre-requisite for the level and the stability of democracy in that country (Lipset (1959) , Diamond (1999) ). A new literature has thus emerged, looking at the major determinants of support for democracy in Sub-Saharan African countries using the available Afrobarometer data. Different aspects of individual socio-economic characteristics have been investigated. Among them, the relationship between the level of education and support for democracy (Evans and Rose (2007b) , Evans and Rose (2007a) ), following the theory of Lipset (1959) which claims that education is a prerequisite for the endorsement and support for democracy. Also MacCauley and Gyimah-Boadi (2009) have looked at the relationship between religion and support for democracy while García-Peñalosa and Konte (2014) have been interested in the gender dimension, focusing on the potential explanations of the gender gap in support for democracy in Sub-Saharan Africa. 2 Yet, this previous literature on the determinants of support for democracy in Sub-Saharan Africa has not much considered the relationship between remittances and political engagement despite the growing amount of remittances in many Sub-Saharan African countries and the recent studies in Mexico that have found a negative association between remittances and political behavior. As far as we know, an exception is the recent study by Dionne et al. (2014) , who have analyzed the effect of remittances on political participation in a cross-country analysis of a number of African countries, testing whether remittances are a curse or a blessing for political participation. Their results are mixed and show that while remittance recipients are less likely to vote, they are more likely to contact the government and to take part in demonstrations and protests. This finding has shown that the political effect of remittances in the African context is different from that in the Mexican context, where many scholars have supported the thesis of the curse of remittances in political participation (Goodman and Hiskey (2008) , Germano (2013) ).
The aim of this paper is twofold. First, it goes one step further and tests whether remittances are a curse or a blessing for the support of democracy in Sub-Saharan Africa. We argue that remittance recipients may not behave similarly in politics and that the effect of remittances on support for democracy varies across groups of individuals sharing similar but unobserved characteristics. In other words, we consider the possibility of the existence of hidden clusters of individuals in our sample such that the effect of remittances on support for democracy depends on the cluster to which a given individual belongs. The clusters are a priori unknown, and will be defined endogenously using all the available information in our data. For this purpose, we apply the newly developed method of multilevel mixture regression analysis Muthen (2009), Henry and Muthen (2010) ) that incorporates a latent variable to classify individuals into different clusters. This technique is an extension of the standard model of finite mixture of regressions (McLachlan and Peel (2000) ). In addition, it is suitable for hierarchical data, and accounts for the nested structure of the data. This approach provides a better fit for a multilevel data structure and it enables taking into account any possible unobserved heterogeneity that may exist in the lowest and highest levels of the data. We relax the hypothesis that all the individuals behave similarly , and test the hypothesis that whether remittances are a curse or a blessing depends on the cluster to which an individual belongs. Second, after finding the different clusters of individuals that share similar but unobserved background characteristics and determining the effects of remittances within these clusters, the paper provides an analysis of the determinants of the probability for a given individual to be not located in the remittance curse cluster. As potential determinants, we propose the perception of the most important national priority at the individual level in the sample. This choice is made following the recent arguments by Abdih et al. (2012) and Berdiev et al. (2013) who have emphasized that remittances enable households to provide public goods and services (e.g., health services and education) on their own if these items are publicly non-existent or poorly provided. Thus, we believe that the nature of the national priority chosen by an individual may play an important role because the incentive for supporting a democratic regime may, firstly, depends on whether the national priority perceived is a good that can exclusively be offered publicly, and secondly, on whether a democratic regime is more willing to provide such a good.
We then investigate whether people who assert that freedom and rights are the most important national priorities are less likely than are people who choose economic and social aspects as the most important national priorities to be in the cluster where remittances are a curse for the support for democracy.
For our analysis we use round 4 of the Afrobarometer, which is, as far as we know, in our knowledge the only survey round of the Afrobarometer that provides information on whether respondents receive remittances or not. Our multilevel mixture regression estimations show that the respondents in our sample are best grouped into two different clusters. In the first cluster, remittances have a negative impact on the probability of supporting democracy, while in the second cluster the effect is neutral. The analysis of the determinants of the probability of being in the remittance curse cluster indicates that having rights and freedom as the first, most important, national priority increases the probability of being classified into the second cluster where remittance recipients are as likely to support democracy as are non-remittance recipients. This paper contributes to three strands of the literature. First, it is related to the literature that has investigated the impact of remittances on different economic and social outcomes. A number of studies have shown, using different samples of countries, that remittances present desirable development features, including poverty and inequality alleviation (Adams and Page (2005) , Acosta et al. (2008) ), consumption smoothness (Gupta et al. (2009) ) and education (Edwards and Ureta (2003) ) among others. It has also been argued that remittances are important sources of investment for small businesses and talented entrepreneurs that lack capital in order to fully realize their potential (Amuedo-Dorantes and Pozo (2006b)). In parallel, another part of the literature has documented the negative aspects that remittances may generate.
These include the altruistic effect (Stark (1995) ) indicating that remittances are mainly used for consumption but not for productive activities, and the moral hazard effect (Amuedo-Dorantes and Pozo (2006a)) suggesting that remittances may increase the incentive of recipients to switch from labor to leisure. Remittances may also produce the Dutch disease , hurting the export activities of the economy (Bourdet and Falck (2006) ). Regarding the effect of remittances on the growth rate of a country, results are mixed and the question of whether remittances are a curse or a blessing remains inconclusive (Catrinescu et al. (2009 ), Abdih et al. (2012 ). This paper is also related to the literature that has gone beyond the development sphere, looking at whether remittances may be detrimental for the quality of institutions. For instance, Berdiev et al. (2013) have investigated, in a cross-sectional analysis, the effect of remittances on corruption, while in a similar manner, Abdih et al. (2012) have also looked at its effect on government effectiveness and the rule of law in addition to corruption. Both of these studies have provided evidence that remittances deteriorate the quality of institutions. The argument behind this is that an increase in the level of remittances increases the likelihood that the government will spend more time in rent seeking behavior and will not invest as much in delivering public goods, because recipients may procure such goods on their own using remittances.
In addition, there is an influential part of the literature that has focused on the attitudinal and behavioral effects of remittances in politics. Some studies have investigated this issue in Latin America, mainly of Mexico. The findings show that remittances are detrimental for people's participation and involvement in the political life in Mexico (Goodman and Hiskey (2008) , Germano (2013) ). While Goodman and Hiskey (2008) support that there is a decrease in political engagement in municipalities with high level of out-migrants, Germano (2013) carry out a deeper empirical analysis and find that remittance recipients are less likely to pressure and oppose politicians, because they are more optimistic about their economic conditions. In the African context, little is known about the effects of remittances on individual behavior in politics. As far as we know, an exception is the analysis by Dionne et al. (2014) , who have investigated whether remittances are another resource curse in Sub-Saharan Africa, as they are in the Mexican context. Their results provide evidence for a mixed effect of remittances on political participation in Africa. Indeed, people who received remittances are less likely to vote but are more likely to contact the government and to take part in demonstrations and protests.
Finally, this paper is closely related to the literature on the determinants of the support for democracy in Sub-Saharan African countries. There have been different influential studies that have tested potential individual characteristics that may affect people's endorsement of and preference for democracy over its alternatives. Among them, one can note the work on education and support for democracy (e.g, Mattes and Bratton (2001) , Bratton and Mattes (2005) , Evans and Rose (2007b) ). These authors have posited a positive effect of education on the degree of support for democracy, following the theory of Lipset that argues that education is a pre-requisite for democracy. The relationship between religion and support for democracy has also been studied by some scholars, including MacCauley and Gyimah-Boadi (2009) who have provided evidence of a non link between Islam and support for democracy in Sub-Saharan Africa. In many of the analyses in this literature, it has been shown that women are less than men likely to support democracy. Yet, few studies have been carried out to explain this gender gap. Among them, one can note the recent works by García-Peñalosa and Konte (2014) and Konte (2014b) who have attempted to provide economic, political, and social explanations of this gender gap. However, so far as our knowledge extends, this literature has not much focused on remittances, another source of revenue, non-taxable and that goes directly to households who may in turn use it to buy public goods that are weakly provided.
The remainder of this paper is structured as follows. The next section describes the data, while Section 3 sets up the empirical model. In Section 4 we discuss our empirical results, while the last section concludes. viewed in 20 Sub-Saharan African countries. Our dependent variable is support for democracy, and to measure it we follow the previous extensive literature that has been interested in the determinants of support for democracy using the Afrobarometer data. We refer to question Q30 of the questionnaire, which asks "Which of these three statements is closest to your opinion?
"The possible answers are: (1) Democracy is preferable to any other kind of government; (2) In some circumstances, a non-democratic government can be preferable; (3) For someone like me, it does not matter what kind of government we have and (4) I don't know. Indeed, it is not obvious how to rank these different responses in terms of preference for democracy. In other word, we cannot ensure whether reply (2) indicates a higher or a lower degree of support for democracy than (3). Hence, we follow the standard way that has been previously applied in influential studies (e.g, Evans and Rose (2007b) , García-Peñalosa and Konte (2014)). We define a dummy SD that takes the value of 1 if the respondent supports democracy, meaning giving the first reply, zero if the respondent gives one of the last three replies.
To investigate the impact of remittances on the degree of support for democracy, we refer to the question Q87 of the survey that asks How often, if at all, do you receive money remittances from friends or relatives outside of the country?. There are different possible responses going from never to at least once a month. We code remit as taking the value of zero if the respondent has never received remittances, and 1 if the respondent has received remittances from friends or relatives outside of the country. Table 2 shows the percentage of remittance recipients by country. One can note that the share of respondents who have received remittances varies significantly across countries, and that there is a gap of 44 points between the lowest percentage and the highest one. Madagascar records the lowest value of 4.6% while Cape Verde has the highest value where almost 50% of the individuals interviewed assert that they have received remittances from friends or relatives.
In this paper we are also interested in figuring out the effect of the perception of the most important national priorities on the classification of the respondents into the different clusters detected in our sample. In fact, we argue that those who choose the rights of the people and order in their country as the most important national priorities support democracy as much as the non-recipients, because rights and order are goods that individuals cannot obtain with remittances, and a democratic regime may be more willing to provide such goods. In contrast, people who assert that the economic conditions are the most important national priority may be able to improve their standard of living using remittances, and are then less likely to reply that democracy is the best political regime.
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To measure the most important national priorities, we will refer to the questions Q40A and Q40B of the survey. In the former, the respondents are asked the question: If you had to choose, which one of the following things: Is most important?. The different possible responses are, 1) Maintaining order in the nation; 2) Giving people more say in government decisions;
3) Protecting people's right to live freely; and 4) Improving economic conditions for the poor.
There are also a few people who reply that the most important national priority is none of these four, and for simplification, we consider them as missing values. The question Q40B follows up and asks: And which would be the next most important? We first create three dummy variables: order1, rights1 and economic1 using Q40A. The variable order1 takes the value of one if the individual gives the first response, and zero otherwise, while the dummy rights1 is equal to 1 if the respondent replies either 2 or 3 and 0 otherwise. The dummy economic1 is 1 if the individual replies 4 and 0 otherwise. Next, we introduce the dummies order2, rights2 and economic2 for the second most important national priority using question Q40B applying the same codification rule as for the first three dummies. Table 3 shows some descriptive statistics for these indicators of national priorities. Overall, the majority of the people in our sample have chosen economic conditions as the first, most important, national priority. Indeed, we have roughly 59% of the respondents who put economic conditions in the first place, then this value decreases to 27% in the second choice. In contrast, for rights and order, there is a higher proportion of individuals who choose them as the second most important national priority than the first.
As additional controls, we will follow the previous literature and then include the variables that have been significant in previous studies. For instance, we add the respondent's level of education following the theory of Lipset which claims that education is a pre-requisite for the endorsement and acceptance of a democratic regime 3 . We also control for gender, a variable that has been of interest recent years, where some scholars have been interested in the gender gap in support for democracy in Sub-Saharan African countries 4 . We will also control for additional variables, including the age of the respondents, which may inform us whether youth supports democracy as much as the rest of the population 5 , the employment status, access to media through TV, radio and newspapers, access to food, medicine and water. We also consider a variable measuring whether the respondent has voted during the last elections, and whether the respondent has ever experienced corruption. Table 1 presents some descriptive statistics of the different variables.
Empirical strategy
We have data for 20 countries indexed by j =1,2,...20, and n j denotes the number of individuals interviewed in country j. Our dependent variable is support for democracy, denoted by SD, which is a dichotomous variable that takes a value of 1 if we support democracy and 0 otherwise (see the previous section for explanations). Individuals are nested within country, then people who live in the same country share similar contextual characteristics and in turn they may have some similar behavior. Standard estimation methods ignore such a clustering effect and may then yield biased estimations of the standard errors. The multilevel method has the advantage of taking into account such clustering effects. Multilevel analysis has gained an important place in recent years due to the increase in the available data that has a nested structure. In the next subsection, we will specify our baseline multilevel model. We will then present a brief review of the standard mixture model before moving on to the multilevel mixture of regression model, relaxing the hypothesis that the data is generated by a single model in favor of multiple equations.
Standard Multilevel Model
Given the dichotomous structure of the variable of interest, we estimate a varying-intercept multilevel (or hierarchical) logit model where individuals are nested within countries. Hence, we will consider a two-level model where the highest level is the country and the lowest level is the respondent. Let us write Prob(SD ij = 1, ω ij ) for the probability that the individual i living in country j supports democracy given ω ij . This probability can be expressed as follows:
where,
Our parameter of interest is β 1 , which tells us about the impact of receiving remittances on the probability of supporting democracy. A negative sign means that being a remittance recipient decreases the probability of supporting democracy compared to a non-recipient. The vector X ij contains the socio-economic characteristics of individual i living in country j. Individuals who live in the same country may not be independent, thus standard errors may be underestimated by the traditional regression techniques. Multilevel modeling has the advantage of taking into 9 account such a clustering effect by allowing the intercept to vary across countries such that:
Thus the general model can be written as follow:
The term uj + ij in Equation 4 represents the random part of the model, where u j is the country-specific effect and ij is the individual-level error term.
Using this framework, we do account for the heterogeneity that exists at the country level but we ignore the possible unobserved heterogeneity that may exist at the individual level. In fact, we may have in the data the existence of potential unobserved heterogeneity, in the variation of the estimates across groups of respondents sharing similar but unobserved characteristics.
For instance, the effect of remit on the degree of support for democracy may depend on the latent class to which an individual belongs to. Such heterogeneity can be captured at the lowest level, and may not be properly taken into account when we only consider heterogeneity at the country level by allowing the intercept to vary across countries as in Equation 4. As mentioned by Asparouhov and Muthen (2009) , unobserved heterogeneity may exist not only at level 2 at the expense of level 1. Using simulated and real data, these authors have pointed out that:"level 1 heterogeneity in the form of latent classes can be mistaken for level 2 heterogeneity in the form of the random effects that are used in conventional two-level regression analysis". Thus applying the multilevel mixture model we will be able to take into account possible unobserved heterogeneity at both levels, the lowest and the highest.
Multilevel Finite Mixture Model
The finite mixture model (McLachlan and Peel (2000), Frühwirth-Schnatter (2006)) has rapidly attracted increasing interest over the last decades in a number of subjects, including in social sciences and behavioral studies. It is an appropriate technique for endogenously taking into account the possible unobserved heterogeneity that may exist in the data. For multilevel (or hierarchical) data, individuals are nested within countries, and thus the standard mixture method may violate this dependency assumption. Thanks to the influential research by numerous scholars (Vermunt (2003) , Asparouhov and Muthen (2008) , Asparouhov and Muthen (2009) ), a multilevel finite mixture framework has been proposed with different extensions (parametric and nonparametric) that can be applied to hierarchical data, accounting for the nested structure of the data.
In our previous specification, we have assumed that the effect of remittances on the degree of support for democracy is similar for all the individuals in the sample, without testing the existence of multiple subtypes. We now relax this hypothesis and allow the data to detect whether the data is generated by a model with different subtypes of individuals such that the impact of remittances on the degree of support for democracy varies with the subtype. The subtypes are a priori not observed and are latent.
Standard Finite Mixture Model
For simplicity, let us assume that (Y, X) = (y i , x i ) n i=1 are a pair of a set random variable y i and a set of explanatory variables x i . The index i is the individual index, and n is the total number of observations. We define C i to be the latent cluster variable for a given individual i, where C i varies between 1 and K. By definition, the mixture of regression model based on the density of Y conditional on X is expressed as follows:
where π k is the probability of belonging to the cluster k, and f k (y i |x; β k , σ k ) is a conditional probability distribution characterized by a set of parameters (β k , σ k ) and of co-variates x. β k and σ k are unknown and hence estimated. We suppose f k is a Gaussian distribution.
For a simple illustration if K = 1, then all the observations are generated by the same data-generating process given by:
In this case the standard specification in Equation 6 is sufficient to study the impact of X on Y . If K = 2 then a mixture of linear regressions assumes that an observation belonging to the first group and one belonging to the second group would not be generated by the same data-generating process. The mixture model with two components reduces to:
where ε 1 and ε 2 are independent and identical normally distributed error terms with variances of σ 2 1 and σ 2 2 , respectively. The choice of the value of K is crucial and is generally chosen using some goodness of statistical fit criterion such as the Bayesian criterion (BIC) or the Consistent Akaike criterion (CAIC). Once the different parameters of the model are estimated, we may compute, for each individual in the data, its probability of being classified in the given group k using the Bayes rule, given by:
In summary, in this standard setting, we can observe that the specification may not be appropriate for a multilevel data structure where individuals are nested within the highest level.
For instance, in data where students are nested within schools, or doctors within hospitals, or individuals within countries, the standard mixture method tends to violate the clustering effect. In the next section we are thus going to introduce the extended mixture model, where we consider two latent class variables: one at the lowest level and one at the highest level. Such a specification allows us to take into account the unobserved heterogeneities that may exist at each of the two different levels of the data.
Multilevel Finite Mixture Model
Define y ij to be the response of individual i living in country j, and n j to be the total number of observations in country j. Then J j=1 n j = n. Denote by C ij the latent class variable at the lowest level, i.e, at the individual level, and by G j the latent class variable at the highest level, i.e, the country level. We suppose that the number of latent classes at the individual level varies between 1 and K, while the one at the country level varies between 1 and L. The general multilevel finite mixture model can be written as follows:
π l (G j = l) is the probability that country j belongs to the latent class l, and π k (C ij = k|Gj = l) is the probability that individual i living in country j belongs to the latent class k
given that its country belongs to latent class l. Combining equation 8 and equation 9 we obtain the following likelihood information in 10 that we will maximized using the EM approach for the estimations of the set of parameters π l , π k , and Θ:
Recall that in this paper our dependent variable is the dummy SD ij , and our multilevel mixture specification is then given by:
We can see in this equation that the probability, π k (C ij = k|G j = l), that individual i living in country j belongs to a given cluster k is conditional on the country cluster l to which its country belongs .
The first hypothesis that we are interested in testing is whether the effect of remittances on the support for democracy varies across groups of individuals sharing similar but unobserved characteristics. For this purpose, we need to investigate whether our data is generated by multiple hidden clusters such that the impact of remittances on the support for democracy depends on the cluster to which a given individual belongs. Hence, using the Equation 10 we will leave the data to detect the optimal number of clusters of individuals, and applying the Bayes rule we will be able to compute the posterior probability that individual i living in country j belongs to a cluster k conditional on the cluster l to which its country belongs.
Our second question asks is whether an individual's perception of the most important national priority may explain that individual's classification into the different clusters detected endogenously using the above models. For this purpose, we re-estimate our multilevel mixture model already defined in Equation 10 but now augmented by the national priority variables.
In fact, we endogenise the parameter π k (C ij = k|G j = l) which becomes: π k (C ij = k|G j = l, priority ij ). Our mixture model augmented with the individuals' priorities can be then written as follows:
4 Results and interpretation
Standard estimations
We start by estimating a simple multilevel model under the hypothesis that there exists a unique single cluster. We only assume that individuals are nested within a country and then allow the error terms to vary across countries. The results are reported in Table 4 . We start with the first column, which controls for remittances, education, and gender, and then subsequently we add additional control variables. Across the different columns we find that the coefficient on remittances is negative and statistically significant at the 1% conventional level. This negative sign indicates that receiving remittances from relatives or friends outside the home country decreases the probability of supporting democracy in Sub-Sahara African region. The coefficients on remittances are very similar across the different specifications. This finding suggests that remittances are a curse for the degree of support for democracy, and it is in line with the previous literature that has pointed out that remittances is a curse for politics in Mexico. Our results are also partly in line with the recent study by Dionne et al. (2014) , which has found that remittances may hinder some aspects of political involvement, such as voting, in the African context.
Moving on to the other explanatory variables that are included in our estimations, we find a robust significant impact of education on the degree of support for democracy. Indeed, people who have received a formal education have a higher probability of supporting democracy than those who do not. This confirms the previous studies by Evans and Rose (2007b) and it is in line with the theory of Lipset that emphasizes that education is a pre-requisite for the endorsement and acceptance of democratic regimes. In addition, this positive effect of education becomes stronger with the level of education, where individuals with secondary education have a higher probability of supporting democracy than individuals only completing primary education, and those with more than secondary education support democracy more than those with a lower level of education. Across the different specifications, we observe a significant and negative sign on gender, indicating that women are less likely than men to support democracy. This result has received particular attention in the literature, starting with the influential paper in World Development by García-Peñalosa and Konte (2014) who have tried to give potential explanations of this gender gap, and relate it to the level of development and the institutional environment of the countries in which these women live. Also Konte (2014a) has contributed to this debate, and added the informal institutions that affect women's daily life. Among the other co-variates, we find some evidence that access to the media affects positively the probability of supporting democracy, and having been confronted with corruption decreases it, while having voted during the last elections increases it.
In summary, in this section we have provided evidence for a negative effect of remittances on support for democracy in our sample of 20 Sub-Saharan African countries. The results are robust to different specifications and to the inclusion of different individual characteristics.
However, in the different specifications, we have estimated a multilevel random intercept that takes into account possible heterogeneity at the country level but ignores possible unobserved heterogeneity at the individual level. The next section is going to introduce these two types of heterogeneity simultaneously in the model of estimations in the form of latent classes.
Multilevel Mixture of Regression Estimations

Hypothesis 1: The Remittance Effect varies across individual subtypes
In this section, we investigate whether there is some unobserved heterogeneity that exists at the individual level, and we model this heterogeneity in terms of latent clusters. We try to find out whether the respondents in the sample fall into different clusters in such a way that the effect of remittances on the degree of endorsement and support for democracy depends on the cluster. We first estimate the model in Equation 11 using different values for the individual latent clusters K and for the country latent clusters L. For each combination of (k, l), we estimate Equation 11 and present the goodness of fit. Doing so, we are able to take into account the unobserved heterogeneity that exists at the lowest level and also the heterogeneity at the highest level. Table 5 shows the values of two statistical information criteria: the BIC and the CAIC. The optimal model is the one that has the lowest values of these two quantities. We find that our best model is the one with two individual latent clusters and 6 different groups of countries. We also observe that the models where we consider simultaneously the heterogeneity in both levels, the lowest and the highest, perform better than the models where we consider heterogeneity only at a single level.
We next present the estimation results of our preferred model in Table 6 , where we present the estimated coefficients by cluster. Focusing on our parameter of interest, remit, we find that the coefficients across the different clusters are quite different. In fact, in the first cluster the coefficients on remit is negative and significant at the conventional level of 1%. This indicates that in this cluster, remittance recipients are less likely than others to support democracy.
In contrast, in the second cluster the coefficient on remit is not significant, indicating that remittances do not have any impact for this cluster on the probability of supporting democracy.
Thus, in the second cluster, remittance recipients are as likely as non-recipients to support democracy. This result is in line with our first hypothesis, showing that individuals in our data do not behave similarly in politics.
Turning now to the additional explanatory variables included in our model, we find that for all the coefficients that are significant, the signs are similar across the two latent clusters (except for the coefficients on water). For instance, the level of education has a positive effect on the degree of support for democracy for the two clusters and the magnitude of the coefficients decreases with the level of education. However, the magnitude of the coefficients are higher for the second cluster, indicating that the effect of education on the degree of support for democracy is stronger in the second cluster than in the first. Regarding the effect of being a woman on the probability of supporting democracy, our results go in the same direction as the previous literature, which has found that in Sub-Saharan Africa, there is a gender gap in the support for democracy, and that women are less likely to support democracy than are men (e.g, García-Peñalosa and Konte (2014) ). We also find a stronger effect of having been confronted with corruption on the support for democracy in the second cluster than in the first one. Table 6 shows the proportion of respondents within countries that have a higher probability of being in the remittance curse cluster than in the second cluster where remittances have a neutral effect on the degree of support for democracy. Half of the countries have all of their respondents sorted into the first cluster. 6 Madagascar is the only country for which all the respondents are fully classified into the second cluster. Table 7 shows the classification at the highest level, i.e., at the country level. Recall that our best model contains 6 country clusters.
In this table, we can observe that our classification is probabilistic. Indeed, for almost all the countries (except Liberia), the probability of being sorted into a cluster is equal to 1. In addition, we have some heterogeneity in our classifications. Countries with different characteristics and different sizes belong to the same group. For instance, in the third group we have Botswana, which shares the same group with Benin and Uganda, while Cape Verde and Mali are together in the first group. Lesotho and Madagascar are each alone in their own groups.
In summary, we have found, in an endogenous manner, that individuals behave differently in politics and that the effect of remittances on the degree of endorsement and support for democracy in Sub-Saharan African depends on the cluster that we consider. Indeed, our data is better generated by a model with two different clusters, one in which remittances are harmful for the legitimacy of democracy, and a second in which remittances do not affect people support for democracy. We are next going to consider to what extent does the individual perception of the main national priority determine the classification of the respondents into the clusters.
Hypothesis 2: The perception of the national priorities determines the classification of the individuals into the clusters
To investigate how important is the role played by the perception of the national priority in the degree of support for democracy, we estimate now the augmented model in Equation 12, where we have added the variable priority to our baseline model. Table 9 shows the estimated coefficients of this extended model. All the variables that appear in Table 6 are also controlled for, but some are not shown here. We still find that the effect of remittances is negative in the first cluster but insignificant in the second one. However, the coefficient of remit in the first cluster is slightly higher than in the previous Table 6 . Regarding the other explanatory variables, we can stress that the results are very similar to the ones reported in the previous table except for the coefficients on educ1 that are higher now. The classification of the individuals shown in Table 11 is slightly different from our previous classification, because now we have not found any country for which all the respondents are included in the first cluster.
The bottom of Table 9 shows the coefficients on the concomitant variables. Recall that in the data description section we defined three different national priorities: rights, order, and economic. We are trying to assess whether an individual's choice of the main national priority may affect the probability of being sorted into a cluster. This allows us to test whether an individual who has chosen a national priority that can only be provided at the public level is more likely to be sorted into the second cluster where remittances do not hurt support for democracy. A multinomial logit model is estimated where the reference group is the first cluster.
We first control for order1 and rights1 as determinants of the probability of being in the second cluster. Our results show that the coefficient on order1 is positive but not significant while the one on rights1 is positive and statistically significant. This finding indicates that choosing rights1 as the main national priority increases the probability of being in the non remittancecurse cluster.
We have further cheked additional checking for the validation of our hypothesis. The estimation results are shown in Table 10 . We first replace order1, rights1 and economic1 by order2, rights2 and economic2. These new national priority variables are coded using the question Q41 of the survey where people are asked to give the second most important national priority. With these new measures of national priorities, we expect the possibility of finding a negative sign on the coefficients of rights2 and order2 because we assume that having, for instance, rights as the next most important national priority means that it is was not awarded the first place. We now control for right2 and order2, keeping economic2 as the reference variable. The results show a significant impact of having rights and freedom as national priority but the sign turns now negative, indicating that people who have chosen rights as the second most important national priority are less likely to be in the non remittance-curse cluster. This result is quite interesting because it tells us that when individuals do not think that rights are the first most important national priority, then they do not see the importance of supporting democracy. The coefficient on order2 remains insignificant, even though the sign is negative. In the last specification, we control simultaneously for the two significant variables, right1 and rights2, and the results show that only the effect on righst1 remains significant.
In summary, the different specifications present in Table 9 and in Table 10 show that the perception of individual national priorities is an important determinant for the classification of respondents into the two detected clusters. Indeed, when focusing on the most important national priority, we do find that choosing the rights and individual freedoms as the most important national priorities increases the probability of avoiding the remittance-curse cluster.
However, when focusing on the second most important national priority, we find that people putting rights and individual freedoms in the second place are more likely to be classified into the remittance-curse group. In this paper, we examined the effect of remittances on the legitimacy of democracy in Africa, testing whether remittance recipients are less likely to support democracy than are the non-recipients. We argue that the effect of remittances on the support for democracy varies across groups of individuals sharing similar but unobserved background characteristics. Our approach consists in determining endogenously whether our data is better generated by multiple hidden clusters of similar individuals in such a way that the effect of remittances on the degree of support for democracy depends on the cluster to which belongs the person receiving the remittances. This provide more flexibility and a better fit of the data.
Concluding Remarks
Using the Afrobarometer surveys we find that our data is better generated by an econometric model of two different clusters of individuals. In the first cluster remittance recipients are less 18 likely than are non-recipients to support democracy, while in the second cluster, remittance recipients support democracy as much as do the non-recipients. Our analysis of the determinants of the probability of being in the remittance curse cluster indicates that the perception of the most important national priorities plays an important role. Indeed, people who have chosen rights and freedom as the most important national priority have a greater chance of being sorted into the second cluster than respondents who have chosen national priorities that are oriented towards the economic conditions in their own country.
This paper has provided new evidence for the effect of remittances on politics in Africa. It has shown that such non-taxable income may hinder the much needed legitimacy of democracy in this region if the individuals are more concerned about the improvement of their economic conditions than their rights and freedom.
19 The table reports coefficients from the multilevel logit estimation, the dependent variable is support for democracy. Standard errors are in parenthesis. *** denotes significant at 1%, ** significant at 5%, * significant at 10%. Gclass2 Gclass3 Gclass4 Gclass5 Gclass6 Cape Verde(1) Burkina Faso(1) Benin (1) Mozambique (1) Lesotho (1) Madagascar (1) Ghana (1) Nigeria (1) Botswana(1) Namibia(1) Kenya (1) Senegal (1) Uganda (1) South Africa(1) Liberia(0.99) liberia(0.01) Zambia(1) Malawi (1) Nigeria (1) Mali (1) Tanzania (1) Zimbabwe (1) This table reports the classification of the countries into the different 6 country clusters found.
In parenthesis are the probability of being in a given cluster Gclass. This table reports by country the percentage of respondents that have a higher probability of belonging to the remittance curse cluster. Cluster2 (π 1 =0.85) (π 2 =0.15) (π 1 =0.73) (π 2 =0.27 
